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8 End If

9 End For

10 End For
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13 EndFor
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Maximal Frequent Pattern Based Opinion Tag Extraction from Online Customer Reviews

Li Lianggiang, Xu Hualin, Yuan Hua*, Shao Peiji

(School of Management and Economics, University of Electronic Science and Technology of China, Chengdu,

China, 610054)

Abstract With the development of online business, too many reviews published online by various people
will make the review readers confused in getting right information. In this work, we propose a text
processing techniques to extract useful customer opinions from massive online reviews, which is a
combination method of linguistic (word collocation) with traditional maximal frequent pattern mining. It can
be used to identify the common concerns about a product/service from mass customer review contents
automatically. The experimental results show that the presented opinion words and word-collocation-based
MFPs filtering methods can extract customer opinions from online reviews flexibly and efficiently.

Key words Text mining, Maximal frequent pattern, Opinion tag, Pattern filtering
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