ST I 25 0 2 T 7 T R M R 5

A AIEIEY A B R R
(1 mxA¥ BEEEEFER, TH ¥ 210023;
2. Ml/AF WFR, T B 2111005
3. RWA¥ FRFEER, #k KX 430072)

B OE SRS BA SR A T, 8 R TR R W IR o AR SCLAE U Tk 4
FRGHER T 30 B9 IR SEIEET IR (5 EOABFTEXT R , BB N THRTERN , SR ZRLas 7 ) k3 EAR AR AT,
et PR AR 0E 26 30 B30 1 b BUARR A T35 Oy 00 1A I o) o, DA T ) A 4 il 61 B 671 1 17 R L . A< 3C LA MeDonald Financial
Dictionary ( #4755 GRlial i ) Jy HAMERGA M, i i Hebr i sy U uE HuEmi e . IFR 85 Rkl AScint
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AE B AR, ANIR] AT R P L SN [T BE (917 i HE X BT B AT o BB ML A A ANTR] o A A
SRR, SRR AR A R 2 ik e R R e Bt SRR =

A A S A T IR M R AT R SR A TSI 714, T SILA) i P RIS T PRs PR 1 J
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PSS TR T B R U T F BTSRRI e e ELR 5 RIA 0T NS B A R R R
ALY, 22 S0 G G LR BT DA A = P TEE D et R B B - M VI L e NS S = B & W S S T B LAY
MRAA LR O R SR, SIEEIN, B G Rl U R S S SRR T AR s gk
YA, Xr S bR B A O T A o ISR SR = B, (BRI BB A 6,
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M)k . McDonald Financial Dictionary[z]yﬁi'ﬂﬁ‘z\@@ﬁiﬂjiﬂg1’%%‘@‘%@151,\, RIS A 1
ASCHE S RTHIRIR AR, 12 S S S AT Per 5 e e AN 5

PN U SO AN = SLES N [ VAR 3 e NSV oy s M RS O R ST A € SR B B S eI e
25 ) B U A RNE R, e U TR R SR A A B A IR, /5 55 McDonald Financial
Dictionary [bAEIF AT BLHEVTAI AN )42 0T R A5 5612 3m] L A ERf %2 . McDonald Financial Dictionary J23&
T 1994 42 2008 4 50 115 F24 7] A HR B0 Fa) e 1) <5 Rl AT 6 e am) it o S22 ) LA o SRRt S gt , ]
DAL I T 08 0 P4 00 P S, ST AN R OISR 4 323wl s S 195 g 1] 3 31 Ay
“negative” “positive” “litigious” “uncertainty” “constraining” “superfluous” ( “JHM” “FHL” “UFin” “AN
BEME” 2R “ZR7) ANEERE . A SCI BB T AT B S R LG B bR R, AR
SCHEELFR A HARG BRI, A SCHIIFSE B 1E B IE 5 R IR M0 4 Al s i S ) 20 25 0 28530 P e
AT, B 6 B TR M B 5 v O el £ T SRR, DDA i ) ) 000 2 Al

2 HHRIUR

AT AT, RS LG IE 28 0 O BRI T R 2 o KRBT AT TR R I S B S 7 3
WA — Ty, S I AR S AL AR T s (R BARD) WATR C 5TiItT
AE” B SR W MR AN AL Z) fe ik R AR BT R . TRt iRliE 2, 55 KRR R
P P T 4 B oL | B 1 I Rl 1 L) S B N X T 1) oo A LV G G 119" e A< 1
LT E B S AR LG 25, 705 A A AR 1t () 0 S5 AH OGP R B, TR IR) o S A E I 0 S T 2
BRI A, B EERE AT A R R, R R R, AL
BB, A COCTERE TR LR AHELL, R HIZHESL AT A S LA P AR R O T
ORIV A i) 35, AR F P 9 S AT RS — S BB AR F, e AR A 3k 26 = A o il oA
R AR RN Ty ] o N IR SE AT DA FEA Rl i, AR A FH 67 T 5 SRR v 1) SCAAE B BE VT LA
ANV A 7 i, I T AT Rk e Ok

IR, A SR BT LA 43k A5 it 7 17 S ) L A0 AT o Py 155 e ) S i e e U 131 5 195 )
TR R SR B AT B A IR . o, BRI TR B A Sy 17 S B A 5 R 5
H=, D g Eaa oy Bl , 8 i SOHRRUEE T3 X 588l . I 2 T s B i
P AR W 12 L — 5 P AT PR R R P, A B 5 3 T G i 15 il B B
TR RIS, TR S BT O VERR SR . 4N, L) HowNet i % BiR A Fpin] i, 8 i 1miE S5 Fh 7
LA [ 28 590 P 8 30375 =2 ) S 7 AR AL S0 B i A e g U705 DA SRt A e ) i | 37 0 ) M 5550
75 ) e g ) S g SR A A B A 2 AR R TS DL WordNet 308 P 155 ) 4 Ay 5 vfis Ay 2t
FTART BE S Y SentiWordNet 17 /8] i)

FE ST MRS 1 15 SRR BLATF 5T v, AR A 9 T R R U A R R A B o B TR A
PE, 10, Pang Z5EPO0E [ R4 LSS ITIE ) Internet Movie Database ( P48 HLSU AR R ) PSSP 40
PRz b, R T — 0] N T AR I A AT S I R TERE . LR, T HE R
8 S S BT B ER R, ) PN MR 222 B G 20 e AR s ) B A A AR e U ) R,
TRBAER P AR A s Y R TR 4 PO A4

st H R BRI A T, B T i SO iR S R 1 R i R
22 T SCRVDLRE Sfe vy s Jml s b, A iR gs A SRR PR PR ALl | G LT
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PRETHERR A IR | R SCF BSR4 RIOR RIS S0k A e s I i
fhn, 2GR RS S IR RN L ) IR X BOE O . RGOSR T 2P I 2E . IINi2 4
Hr & a2, ERZHLa 213k, ARMFIE BRI AR, BEE N TR YL
) RO B, IR ST AR AL a7 S S SUAR B A T I B2, ORI F A
WB BB IITIRE , KRERMA 2 Ik ik, S fhZ DUt S il
PO R SR B BRIk BB I, ANR DU BRI | SRR
DURIRAE SO 2L PR IR S o N, 2R A AUl P2 48 [m 3 553001 TF-IDF Sk X AE 2R SRR
AT IS BRI SR AL . ANSR D7 S B X R TSR T = e I35

WA 2 I LI SR i SR ) A S T SR DA O A 3 B 0GR , W Rl B A St sh A
SOMEASZ S T LA B AB BT T A0 IR T sl e ant % , SRy BRI SLAT ST
WRF , DUAAT A X T4 U S ) EF 3 o oy T 7 A A S, T ARG R
RS L 5 P R A 8 2 5, AR R SRR L) BT L, el
PR R A E WS DA 5 S AR PSRRI E 1A U ] S B A 20 (L

3 EFMELHENTAAEIRRIILELZE

AT AR B B IR AN bR R W B B2 M IR X 4, At 4 AU AT JERaR] L, S A3 Ry
g1, 5 LUE BRI N 2R N BT 42, Al AR 2R DL 37 v 81 55 1) DL i 387 7 22 1 =X D0 i34
WA, LR L A9 SR F I 828 (support vector classification, SVC ), ZiM: 72k &7
%% (linear support vector classification, LinearSVC ) Fl#% 37 5 m] 432854 7% ( nu-support vector
classification, NuSVC ), TREE2=>] B M 4 M % ( convolutional neural network, CNN ), fEH#iZ
2% ( recurrent neural network, RNN ) FIHF B2 4% (long short term memory network, LSTM )
SR == NP S| EIS 2 s ey RV I S o SR ANTAR ek 6 SOVl B2 N B P et 1 2 S =y AR (RN ]
SCARTERRNE , SR AR RS B 5 T T BRI RR IR TR] , X RRIE TR 04T S 2 N T 8 Je B i 111
T 17 Jk ) L

3.1 HETIALIE R E B ARE

3.1.1 HIERIREK A2

AR SCHE LSS 44 W 22 M35 The Street VENTELIEA I S REdESEZ —, FIE S5 A 2 raLHr ]
( Cable News Network, CNN ) business (W45 ) SiBAE A LB IREAN 7T . A SCE YR BEE A FE X 5 2
TE B T Y8 8HEA BT 30 94 F] 2020 4F 1 A & 2021 4F 6 A nygraEdE, it 120325,

YA ARG ARG B A A 4] o BRVRT T DAy R B 1) L PR L R SR A R, )] DLy
FEAENE] L BN CRIBE D E TR NI AE S AT, X B S AR A ) I IR ), T
TR Fa 4 Rl ST P 5 B B 5 X A s B A 703 ) o S SCUAZSAS R A PR i T m) . NS B SRR
w. O, RSN, WA TENE, BRI A R . RN AR, AR SCRFE AN
BRFLL “0 2 57 armbeit, JF BLAE S A R i B A s B ) i ) 55 L RIS, RS
YT FEE B> T8 + BB, E0m 2 A e, b, AXEEREE, BaE
Frorp g N 2 IR TFIRR, AR SO R AR T 562 391 2%
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3.1.2 1ERERE

R T AT SO, AT BRI ERAE , 3@ ALE S N ZR i AAm 1 SCA R 17 J%
Wtk 56 J7 428 THBENLIMER 10 J7 45800, TR0l & At 2l N 53 T bt ibsER ik )a , il
FENTAREBIREMN], #iF 10 St AR (PSRl L 5 ) #1710 ThniE, HAREmM 2
I3 RIS AB I RS, 43 VG R -1 A1 0 AR o OIRMERRIE . A SCHEWFSE Hh filt PR 3 Bds L 1l M
Hha kAl AR BhiR A B RS R, PRI v R v R AT e A 1 B ] 1) Bl
), A, @R RARL ], OSBRSS B SRR IS 2 0iRIEE, nT DA R AT
AYHA M), SRR )RR, SRR A RHITOCR,, BRRAE A ISR, S
A o B AR AR S U AR T R R i R ) g Xk 1 R CORBl ).

F1 ANTBRIRTEEIRSER RG]

WA FROCERIE TR TE G| APERR
A friendly reminder from a new Harvard Medical ey B PR A BE ) — U S A A AR R RATT =
School study: If you’re not sticking to a regular sleep | SRIRARFFHLHAYBEIR I IR, fRn]RES & -1 hurting A
schedule, you could be hurting your health R R
A growing number of companies are warning that the | g siek &2 1 /N BB Fx . TR RS L 1 E
coronavirus will prevent them from meeting sales or T A y‘#; ", NP . -1 warning Zfin)
profit targets for the first three months of the year RSB AT = H A 85 R
A growing number of retailers have announced they O R ERTE AR, A P CH T E,
are temporarily closing stores in an effort to prevent " -1 coronavirus 415

VAR ISP 57 () e 16

the spread of coronavirus

Ahouse, townhome, or condo is typically the largest Gl A BT s AR L H R A

, 0
asset owned by a consumer (i 5oNiTa
Alot is riding on Americans’ willingness to grab their AR L B TS [ A1 i R 4 0
wallets again | i)
A newly discovered asteroid will pass close to Earth A TR N LS
today SR, —RHRBAY/IMT AT ek 0

A number of mega-banks will report their first-quarter V2 KBRS TA R M —F B RA], X

i i i i e A L o — = Al ,
carnings this week, which could give us amore | gy s gL TGN R | 1 | bady Covide19 |
accurate picture of just how badly the Covid-19 crisis 4 1)

- ——
has hit the financial sector USRI EE Zh

A surge in spending over China’s “golden week” R “HE 4R S Y S e e g i e
holiday has highlighted an encouraging rebound in A R RIS . BT & . highlighted, B,
consumption after the coronavirus pandemic ravaged | . , o M SEUTR S, AR ~ coronavirus PAT|
the economy early in the year PNz ik

o eloston it ot s o oy |
’ FAE Rk, MiZEFIEFESRAEE -4

cancer

DR SCEE ) — R B U BE SR A

A version of this article first appeared in CNN B E WA ( CNN Business ) f387 Nightcap 0
Business’ new Nightcap newsletter .
A RE S

Another federal official is making it clear that despite B EIE R R, R AL

US President Donald Tromp's predictions, Were's | g . pyye gty T, (PN, EEA | -1 hardly sl
hardly any chance a vaccine will be available to JLP AT R
Americans by Election Day AR I

Alvin Yau is exhausted 33 - ERE A SR -1 exhausted B2
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321 XARERSER[E

AR SO AR TE I INZRAENE BTN B, ] 03 BRI GRdne L o3 AR, vy 2 < o s £ T AR
TRHEE DRI SCAS I % S e B8 R 1 4 5 i o A P 0 T SCAS TR R AR M A A i P . AR S R
BIRSCAR Z e/ 2RI, KRR G SRR A LR — 0o 2T 45 v LA s R AnfiERf 0, (B
H T 4 Rl S SCATE 5 B UL A AR | PRIAS SOR PR L SRR, 1 Je X AR DL 3t |
BRI | SR LA IR EE 2 2] DU R EFAT VA o SEgntll 2Rt i RL AT A, H 97 Tk
BRGNS b, T V11 2 S v 3R 20 v 1) 67 T SCAR TR

1. A FAFE N et B ka9t e £

(1) AAZ AR, ASCICsR Se ol T B I, DRt — oo T Rk

w={w1,w2,-~,wn},wme{O,l} (D
Hrpr, w, =1 8% m RSO w i B, SCZNERI I n SO
A A T Sdedb, T SCRS w IR AR o(d) AR T

D 8(c0) D wd(c,,c)+1 D wdlc,,c)+1
c(d) = argmax = w, = +(1-w)| - (2)
oo > d(c,0)+2 > d(c,c)+2
i=l1 i=1

b, D000 BT A ¢ MICHEL
(2) ZIATUL, EFISCHAE NI, AT

ané(ci,c)+1 ) ifﬂ(?(ci,c)+1

c(d) = argmax | log, ‘:1—1 +Y log, —= (3)
n+

= Znyé(cl.,c)+m

e, 7, SR 1 AR P A BRIRR, w BUEDNL n]s o 05 @ RRTREAEERIL s m e
PEAEL

ASCR E AR R B IIGRAE , 15 B PIAME R R BA R ER R A e 5 . Horh, 2510
T RL BMER AN 81.5%, (ASSAI DL HTBL BOMER A0 81.1%; MUERIFORE , Hi# AMER) 0t =
TE%‘O

2. AT EHEwa Ay

AR SO B [T A ) F2 AT 55 il —oe o2, AR A M ARSI AR T AR R B S R
AR RPN, A S P AN GO RR S S — A Tk i, WRBIXTE T i 25, WIARss it
FIEE i DLAE R 1, HARMIAIEN 00 RstRue, QR BNXS S8 Fis, WIFRE R y = (1, 0), AR
MG A HADZE, WFRZEHR y = (0, 1)o N T RERSARIEFRTELF 10 A)F x B AL F Pr(y = DIYHER, 75
RS, BEAERIA x SHER Pr(y = DZIAIRIKER, WABHERRAE AR ST 10 Y R BB AN
1410, 1]. AU Sigmoid pREHE X FPELR, HpERAnT .
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1
1+e

Hrr, h (x) 2R I R B AR AR, FHE(H4 xe R” 5 (w,x) =B +Bx +Bx, ++Bx , x N
Bam e (xy, xo, -, x0) 5 SRR SHL

ARCHIBREBE N 0.5, R p(y =1, w) KT 0.5, WA LA E 2B 028 A%, 75 00 R HoAth
it FH A2 A (] A LA TR B O ET R R 81.2%, SAR U BN IG L .

3. AT XA ENERALSE

AL FBEX AR FEAGEIAT I AL, BRI/ n PYIREARLE i 2B A R (x,, ),
i=1,2,3,---,n} , W x, e R" BOMSEF AR, WERid him ( y, =1 ), WRBENZERA R fim, Wbk
NI Cy,=—1 ), NEEERATE, RSO SR 328 . Stk SCRea) 3 LA R A% SRR 1) 5 53
X BAR A TN,

(1) ZHFIm s 2REE . WIIARBHRE S ={(x.0),(x, 1), (x,,3,)) » x R E—5, BHZ
[=(w,x)+b &V ERTEHL, WX TEEI<i<m, #H y, =Sign(w,x)+b . FH-HHELT]
RIAANTE

h, (x) = Sigmoid ({w,x)) = (4)

maxJ(w,b) = max minM} (5)
ol
b
o, %jﬁx FIELL LIRS S(nb) o 1 SIS S IR
Wi

(2) &M KL, BENHET ={(x,0),(x, 0)(x,, )} € (X xY),x, eR",y, ¥ =
~L1,i=12,-,n, R" NEAMEIEEL, LML maEsXAkFEEd RRat i fa:

a=(a,a, - a,) , HIFRELIRBIER Gk L kBN, 58 w=>ayx , TR a B3I
i=1

i

0<a,<C, Kitib=y, - vamx, B, BRAHHEIIRET .

g(x) =sign(wx +b) (6)
(3) BZSCHRm T . BIRMRR 7 e MO T RN ECE R B I =2 TR A7 3 P, il 2
b, — BMRh R Z BAAAE S B, IR AR SO o U A RE IR B I LSCR , PRIHAS SCHE
AR IR T i, AR R IR, 38 i A% PR K (x, x x ) B — 125 T AR A B df R 21 55
—NRREAS ] o A% AR ) 7 080k R I S IS A% SR K (x, x x ) LGB RATRINSHL C, SR
MH R a=(a,a,,a,), TFRELIKBIRK, HeRE L BBIRAKR, Tl a R 0<a, <C,

SR By = v, =S e K (x xx,) WM, REHI AR ROk

S i FH SRR BRSO i A SR DL R S R e R i R T IR
SRR RER R AT 228 K . Hi, e SRR A R ER R 79.2%, A% X RRR R SSE LN
HERIRN 86.3%, HEm SIS E L MERIFN 81.5%,

g(x)ZSign[Zn:aiyiK(xiXxj)+ﬂoi| 7



LTI 25007 0 P 4l AR 670 T 155 ) U AT 27

4 K TREFIHENERE

IR 2 ) BRI T IS B2, B SUAR NS B , FHRBUE 51580 S AUE
Zl—‘iiTéFHT CNN ., RNN Fl LSTM =Fh 2 LA TR 27 > J5 B R SCAS BOE R4 T4 R Af SR A I o AR A 8

SR HBIRI N ZRAE . ERERIERIESE , FET =M R TIS RG2S, SRIA0E5 R CNN 43280
K)%J 71.0%, RNN BRI 50.3%, LSTM iM% 68.6%.

322 ETHR/FIFERNE BRI IR B AR RITH

ARSI GG R, o B AR L 3] A DU KA 28 B il AU 2, FERERIR EE B BE
S A ARC N GEE, AR SCGERCAREEIRER 20%, SRJ5XF B H 03X 55 50 Fd 45 48
AN R S BB VEAR BT DT A5 2 50 i A 2R (LRI 80% MY 4504l 41 5 Je 24 FH R Tl i Il 4R R
] ). FERSRIVE PR Y BESS TS, AL LIS AR RS R AR IC RO REA A T T . ZEIL &8 2 2T 0 2N 2 g
AR, PEM R RO T LLE S R TR (B RINAE ) TR, (ER A 2RSS R vE
RIEVRAN 2 P LR S BN (0 i BRSO RhELERGMERG R IIE 1 s, ZHEmEHLdm s
MR R B = FANRE DUy | B NS AR R 24 > SRk Horp, AN DU 2858 b, A% A0
3T 5 I A HERR 32 81.1%, 2T DLt A MERA 22 81.5%; 4R MIHSEIEL N 81.2%; L HEM HAL
IYREET, RS A B MR R 79.2%, SRR RN 86.3%, ST FRIAE )
KB IMERI RN 81.5%; WRIE¥Jrkd, CNN MR %N 71.0%, RNN FHER %N 50.3%,
LSTM [ HEH R 68.6%

0.88 0.863

0.84 0811 0.815 0.812

0.8 |-
0.76 |-
0.72 |

0.68 |-

0.792 08]5

0.710

I I I I .

fr55 A %l"ﬁlﬂ xHﬂ VIH 3&#[’11 CNN RNN LSTM
U100 R | ki I i3

=)
o
[+
&

e %

0.64
0.6 |-
0.56 |-
0.52 -

0.48

K DU M3 2 &ml |U| S HE AL RIS
o
B 9 BBk GRS A 2R Lt

P, MWHERFORE , ST SR BRI AE —onr2RACR LU TANR DLt | B2l SR
B2 Tk o SRR URE A B AL AR~ 7 SO RAE A T oo e, ERURXT EARE R BE 4R
SRR TE A2 A B AESEBRAL PR R, £ AR 0 B AR, PR
Frm i HLE HARBUE A S — D BEIE SR> CARE A AR , i RIKE 25 B P2 SE - IR A ok
JFG , AP T AN AT LASE S IX ar INZRAE , T ELRE X iR F A7 30 1) o S TSR o AR SCHEAE FH 52
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R U A RO 2R, A SRR o A R 86.3%, BT L HFmI /28 L B 2R S 4 ) o
Y, WO SCRE AL SRR i - A TN, AR bR iC i B R 5 A SRR AR P, fe 3R
PRI SCARBAR AL 187 117 28k

R T U UE A S 1] e 43R R 10 35 T W 23 T %) A 67 T R T b, RE 3 445 5 SUAR K
AYSARTERINGL, MAEEE %) 67 T T R R BEBLIER 10000 4 SCAREATRRI:, X LRI E OSSR, 51
FER S . i SPSS AI{E 43T, Cronbach’s a REL (3w K a %L ) 4 0.886, iABIRL=MRAIIERE .
VAR SO O SRR ] it 43S Al el 0% 07 TS AR A s I MERf PR . SRS, X ARAS I T B SR A T
TALEE, ZeBRbafs AR A TR SR, A A oe 4% | VR 0 i iR .

3.3 &RLUUEAEIERIAHNIgE

AT S TR A H R B S T R ) PR A O T R B, E AT R B, R R
FErP B ARIUN “economic” “stock” (“ZREF” “MEEE” ) ARTRIAE R rh AR AR A e HOR HLAT 1 R
i i, PR AN AR S TR AR 7 1 71 T 5 BRI A SR AN 8 o AR S5 R SR %) 670 BT P b T R A
A — 175 SRt ) L A ] - P I JRt ) 2 Pl /) - A S BRI TR A 1Y), R B O R R A R 5
LI &I TF-IDF 553k i AU B TR 45 ) F AR M BRI B3 3 Ly inlisy 5 BR ol e 1R M
SE ST SR 1 7 T M A2 T LA J0 R A A s A AR IBRIE D B TE-IDF 83 %60 f i )
BAREFA TR RIEARRE, 155 (term frequency, TF ) Z7n/a)FH B9 TaRITEAE SCRY o H BR AR, FESZBR
AP AR, 23R R — TR E TR A B BB L ) 2 B O, sl SRS i SRy
ARSI TIH— AR B, = (8) FiR:

TE, = (8)
ny
Hh, TE, Al ¢ 2308 d Higialii;  f, SR d v, T ¢ RIAEGE ;. ng SCRY d TR R
P B . FESEPRAE B AR, 2t A — IR ) B IR L R ) 2 R L, Tt
BEE R I SCRY , A SOHR AR 7 00— A AR R
WS (inverse document frequency, IDF ) i & A2 IR IEAE SCRY T BB, SRR AR IaiE 7R
AR B, W SCRIR RN T HERR — L BlE] L AR B IRAETC R i), X SR s A
Fotk, EEMAR. XA, T RERE AT RN SCRY S, BRI SO R E . Sl
WX FPEDL, AR N 1+ df, . Wist (9) FR:
N
1+df,

Horb, IDF, D93 ¢ RSSO N O SCRIECRE ;s df, 9SORIIR, FRon B8 mlih « T A SO
HE

HRZ, TF-IDF SR DA SCRIIR A R A AR , Jr Rk 07 Wm0 10 )z, o, TF-IDE,,
DR I A TR0 SRR

IDF, =g (9

TF-IDF, , = TE, , x IDF, (10)

AN T YAE TF-IDF S53 7 Fh B0 670 1 155 e im) 15y TG A A0, DA A 9 670 T 15 el I e B L 2
1000 58, AN TARTE R 00w EGR D 5L, DG 1 BRI A TR 28 . A 150 F1AE =D 5 TR
FBE TR A IS T TF-IDF S/ e il 6 T A JBIm) i T 9 22 Stk . L, B i 4y T )i, S
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Sy ST R R TP A R A, SEPRobAE S A A R Sy FPy BN RS i, SEPR
R RIS R PN R EEECE M, IBRAHERIF(P) = TP/M; A EE(R) = TP/(TP + FN); F1 {A
(F1) =2 x (PxR/I(P + R))o J34b, TESUEA[F] 7 Bl e 6 s @an) i i VERE Z AT, 7% P It I iRl
H TopN MM IANEAE R T E BRI, N 8 /NS i 380 67 T 1 i) S A R P R Ak, PRI v 1Y
BTN 10%., 20%. 30%. 40%, Xof L[l —l 7k Ae AN [ ok e 175 Tkl T B IDURIASE I 7 T 17 J ] i
PR .

M 2 FTLIE Y, L TF-IDF S fE T im s B anliB s O 2, SRS SCffi ] TF-IDF Sk 1 4%
AR T T 1A A5 BARNES M B e . X TE-IDF 303 R 500 67 155 JR ] 8 1 v S5 B 2 BT
PR KU D R 0, 2 e 17 JEm B A AR GRS, SRl 67 TRV o 114 T A el B A i e 17 ) 0,
RO TR, PR ERA 2 BE S (A S T B2 B3R . F1 AR 8] 32080F R 13 1Y A2 A mi i 2
Ak, VA SCEE T A AR TE-IDF 52k RS B Mk Wi e i B TE i T Bl e . S34h, A
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Research on the Construction of Negative Sentiment Dictionary in Finance Based on
Financial News

ZHAO Youlin "2, LIN Yini >, SUN Hong*, CHENG Lijie ?, XU Jingnan>, LU Yingjun’
(1. School of Information Management, Nanjing University, Nanjing 210023, China;
2. School of Business, Hohai University, Nanjing 211100, China;
3. School of Information Management, Wuhan University, Wuhan 430072, China )

Abstract The emotional tendencies in the field of economics have their own domain-specific
characteristics, and general sentiment dictionaries cannot accurately judge their emotional tendencies. This
paper takes the real-time news information of the top 30 companies in the Dow Jones Industrial Average as the
research object, sets up manual labeling rules, uses a variety of machine learning algorithms to train the labeled
data sets, and uses the feature selection algorithm to extract the characteristic words as negative emotion
words, so as to construct the negative emotion dictionary in the field of finance. Taking the current classic
McDonald Financial Dictionary as the target sentiment dictionary, the accuracy of the domain dictionary
constructed based on dynamic news information in this study is verified and evaluated by direct and indirect
evaluation. 603 words have been successfully gotten in this research, and the results show that the coverage rate
of the negative sentiment dictionary in the financial field constructed in this paper is 82.5%,and the accuracy of
the recognition of financial news sentiment reaches 92.8%. The financial negative sentiment dictionary
constructed in this paper can significantly improve the accuracy of negative sentiment tendency in finance.

Key words Negative emotion dictionary, Financial news, Characteristic words, Direct evaluation,

Indirect evaluation
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